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Deep Learning based Optical Network Layer Recovery Mechanism
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. INTRODUCTION .ULATION PARAMETERS AND RESULTS ANALYSIS

The power grid plays a vital role in serving daily life and promoting
national economic development. At present, the research on fault of
power communication network is mainly in the stage of fault model
establishment and fault prediction. Nevertheless, In the actual power

com
com

munication network, fault prediction and modeling cannot
pletely avoid the influence of power communication network fault

on the power system, and the cost of critical services Is very high.
Therefore, to ensure the successful transmission of critical services, It IS
necessary to carry out the service recovery after the failure of the power
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munication network.

this paper, based on the fault prediction and fault model of power
munication network, the fault network topology pool Is established,
the service resource reallocation of optical network based on deep

learning is used to complete the recovery of critical services after fault.
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Figure 3. Model accuracy evaluation

. CONCLUSION

This paper uses fault model and fault prediction to create a
fault network topology pool. For each fault network topology,
heuristic algorithm is used to generate data sets offline, and the
optical network layer recovery problem of critical services is
transformed into a classification problem and achieve the
recovery based on deep learning technology. Simulation results
show that the recovery success rate can reach 90% or more in the
example scenario.
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